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2. Recurrent Neural Network (RNN)
3. Genetic Algorithm (GA)
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1. Condition Monitoring System (CMS)
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4. Wavelet Neural Network (WNN)
5. Support Vector Machine (SVM)
6. Particle Swarm Optimization (PSO)
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1. Autoregressive Moving Average (ARMA)
2. Numerical Weather Prediction (NWP)
3. Kalman Filter (KF)
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1. Least Squares Support Vector Machine (LSSVM)
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1. Crossover
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