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1. Proposed- Particle Swarm Optimization
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5. Particle Swarm Optimization
6. Evolutionary Programming
7.Gaussian or chaotic sequences
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1. Lambda Method

2. Gradient method

3. Newton Method

4. Simulated Annealing
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PERPSO Algorithm

1: Calculate G;and w;of particle i using Equations
(15) and (14) respectively;

2: Update Vi and Xi of particle i using Equations (16)
and (12) respectively;

3: Perform fitness evaluation on the updated X;;

4:if f(X,)<f(P)then

5 P =X; f(P)=fXp);

6: if f(X;)<f(F,)then
TRy =X f(R)=fX;
8 f.=0

9: else

10 f,=f+1

11: endif

12: else

13: fo=f.+1

14: end if

PER_module (Pg, fc ,m, R)
1: if fc >m then

2: Ry =Pg;

3: Randomly select a dimension, d to perform
perturbation;

4: Calculate the range of perturbation, R

5: Perform the perturbation on Py, using Equation
A7),

6: Fitness evaluation is performed on the
P}/ particle;

70 i f(PT) < f (Bthen

8 B =R f(R)=fB;

9: endif

10:end if
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